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Mapadewypa- HEALTH DECISION TREE

O oTOX0C TNC AoKNoNC elvall N dltepelivnon Ko N €€0LKELWON LE TNV
TEXVLKN TNC KatnyopLlomntoinonc (classification) peow devipwv
armoPpAcEWV.

To dataset mou Ba xPNOLUOTIOL|COUE TTIEPLEXEL LETPNOELC
OUYKEKPLUEVWYV OELKTWV TOU OILLATOC KaL TV ELdAavion N oxL
KapOLoOAOYLKWV TPOoBANUATWV.



Mapadeypo- HEALTH DECISION TREE

To dataset (HealthDataSet_Training) mepLEXEL TIC TAPAKATW OTNAEC
* Age
e Marital_Status: (Single=0, Married=1, Divorced=2, Widowed=3)
* Gender
* Weight_Category
* Cholesterol
* Stress_Management
* Trait_Anxiety
* Heart_Problems
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Mapadewypa- HEALTH DECISION TREE

To Baoko {nTtoUevVo eival va ONULOUPYNOETE T0 OEVTPO ATIOPACEWV
OXETIKA UE TO av KAToLloC epdavidel kapOLtoAoyka mpoBAnpata r oxL.
2TNV CUVEXELO Ba TIPETIEL VAL XPNOLUOTIOLOETE TO APXELO
«HealthDataSet Scoring» npokelpevou va tpoPAEPETE av oL
oUYKeKpLUEVOL aoBeveic Ba pdavicouv KATToLo KapSHLOAOYLKO

nPoBAnua.



Mapadewypa- HEALTH DECISION TREE

@aon 1.

2TNV MPpwtn $aon tne epyaociec Ba BeAape va pac mMopoUCLACETE Ta
BripoTo Tou TIPOYLOTOTIOLOATE O0TO OTAOLO TNC MPOETOLUOCLOC TWV
dedopevwy KaBwc emionc Kat TNV apXLKn (TTpLv TNV MPOETOLHACLA) KOl
NV TeAKN popdn twv dedopevwy (HeTa To oTtaAdLO TNG
npoetTolpnaciac).



Mapadewypa- HEALTH DECISION TREE

®aon 2.

2tnv devtepn daon Ba Belape va edpapoceTe ToV aAyoplOpo tou
devtpou anodpacswv aAlalovtoc KaBs popd To KPLTPLO
(gain_ration, gini_index kot accuracy) Kot T mapapeTpouc leaf size,
size of split,... 2e avto to otadlo Ba BeAape va LoG TTOLPOUCLAOETE
nwc dtapopdwvovtal ta Performance Vectors Bacel twv aAAaywv
Tov Kavete KaBe popa ota kpttnpLa. Tehoc Ba B€Aape va pog
TIOLPOUCLACETE TO KPLTNPLA TTIOU ETUAEEQTE TIPOKELEVOU VAL XTIOETE TO
TEALKO SEVTPO amodACEWV.



Mapadewypa- HEALTH DECISION TREE

@aon 3.

2tnVv tplttn paon Ba Behape va npoPAeete av oL aicBeveic Oa
epudavicouv KapOLoAoyLka PoBANHATA XPNOLUOTIOLWVTOC TO APXELO
«HealthDataSet_Scoring» ko vol aéLOAOYNOETE TNV AVILOTOLXN
artavtnon Paocet touv Confidence.
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Napouaciaon Npotewvopevng Avonc
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Mapadewypa- HEALTH DECISION TREE

* PAZH 1

>tn Paon 1 xpnoLlpomoloU e Tov oretator

»Nominal to Binominal, yla va petatpePoupe TIC TIMEC TNGS OTNANG
«Heart_Problems» amo voupepa o€ TLpEC TUTIOU true/false kol

» «Set Role», yLa va 6eiéoupe 0tL n otAAn «Heart _Problems» €xeL pia
Wolotnta Balovtac wc target role to label mou deiyvel to true/false.



Mapadeypo- HEALTH DECISION TREE

2TIYULOTUTIO 000VNCG HE Ta BraTa yLot TNV TTPOETOLHACLA TWV
dedopévwyv (Data Preparation)

o= H - » v . Views Design Results Turbo Prep Auto Model Deployments | data, oper tc 2| All Studio ¥
Repository Process Parameters
© Import Data =v ) Process PORPO 2 B 4 % & | | WProcess
w [l New Local Repository (Locall A logverbosity init v ®
- Ldceorinbd QAIH 1
» @ Connections
w 0 Data res o logfile
B bank_1 (5727722 441 m Retrieve HealthData... Nominal to Binomi... Set Role N lresutie
M E-learning_Reaction_ ( 3/ c outh) (@ exa los b [ea R eal)
M HealthDataSet_Test (/5 4 ‘ ‘ on o) random seed 2001
M HealthDataSet_Training ( —— prel) v
I wis (331722 12:48PM - 9k i IJ send mall never v ®
B products_v1 (56722 500
B social.xls (5/6/22 531 pm encoding SYSTEM vi®
M student_Questions ( 520/
B Student_Questions1 (5 /2.
» * Process v
< mn >
Operators
set role X
i Blending (1) 0 Hide advanced parameters
» s
w % Attributes (1) + Change compatibility (9,10.006)
2
I Names & Roles (1)
" Set Role
Help
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Mapadeypo- HEALTH DECISION TREE

ApXKn} popdn Twv SeS6opEVWYV (ITPLV TNV TPOETOLHACLO)

R H v ’ - . Views Design Results Turbo Prep Auto Model  Deployments F etc el | ﬂsmﬂ A
Result History | | (Retrieve T
§E Turbo Prep ﬁ Auto Model Filter (138 / 138 examples): all v
Data
Row No. Age Marital_Sta.. Gender Weight_Cat.. Cholesterol Stress_Man.. Trait_Anxie.. Heart_Probl...
1 60 2 ) 1 150 1 50 Yes &
2 69 2 1 1 170 o 60 Yes
Statistics 3 52 1 0 0 174 1 35 No m
4 66 2 1 1 169 0 60 Yes
© 5 70 3 0 1 237 0 65 Yes
=
Visualizations 6 52 1 o o 174 1 35 No
7 58 2 1 o 140 0 45 No
" 8 59 2 1 ) 143 ) 45 Yes
9 60 2 o o 139 ] 45 No
10 51 1 1 ) 174 1 40 No
11 52 1 ) ) 189 1 65 No
12 70 2 1 1 147 1 50 Yes
13 52 2 1 2 160 ) 40 Yes
14 74 3 1 2 178 o 75 Yes
15 64 2 1 2 236 1 80 Yes
16 69 2 o 1 146 1 50 Yes
17 58 2 o 0 141 o 45 No
18 68 1 ) o 172 0 60 No
19 66 1 ) o 172 o 60 No
20 63 0 1 1 138 1 50 No
21 50 3 1 0 174 1 40 No
22 60 2 o 1 146 1 50 Yes £
(138 0 special il 8 regular

¢ ATTIKAG Data Mining Using Machine Learning Techniques
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TeAwn popdn tTwv dedopevwy (LeETA TNV MPOETOLHACLO)

S . H B ’ v . Views Design Results Turbo Prep Auto Model  Deployments Find data, operators...etc £ | Al Studio ¥
Result History W ExampleSet (Set Role)
E ! Auto Model Filter (138 / 138 examples):  all v
Data
Age Marital_Sta.. Gender Weight_Cat..  Cholesterol Stress_Man... Trait_Anxie...
1 Yes 60 2 0 1 150 1 50 el
E 2 Yes 69 2 1 1 170 0 60
Statistics 3 No 52 1 0 0 174 1 35 =
4 Yes 66 2 1 1 169 0 60
i 5 Yes 70 3 0 1 237 0 65
o
Visuazations | | © No 52 1 0 0 174 1 35
7 No 58 2 1 0 140 0 as
8 Yes 59 2 1 0 143 0 45
9 No 60 2 0 0 139 0 a5
Annotations
10 No 51 1 1 0 174 1 40
1 No 52 1 0 0 189 1 65
12 Yes 70 2 1 1 147 1 50
13 Yes 52 2 1 2 160 0 40
14 Yes 74 3 1 2 178 0 75
15 Yes 64 2 1 2 236 1 80
16 Yes 69 2 0 1 146 1 50
17 No 58 2 0 0 141 0 45
18 No 68 1 0 0 172 0 60
19 No 66 1 0 0 172 0 60
20 No 63 0 1 1 138 1 50
21 No 50 1 1 0 174 1 40
22 Yes 60 2 0 1 146 1 50 e

ExampleSet (138 examples, 1 special attribute, 7 regular attributes)
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daon 2: Epappoyn aAyopiOpou

XpnotuornotOnke o operator Cross validation kot otn cuvexeLla
dnuoupyndnke to 6€vdpo amodpaocswv
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Mapadeypo- HEALTH DECISION TREE

daon 2: Epappoyn aAyopiOpou

1 <new process*> — RapidMiner Studic Educaticnal 2.10.008 @ Mavrou
Eile Edit Process VYiew Connections Seftings Extensions Help

‘ H] ‘ = H H - | | ’ - | . V\ews" Design | Results | Turbo Prep Auto Model Deployments

data, opera c A Allstudio v
Repository Process
‘ @ Import Data || = | ) Process P L B2 4 o @ [
» W Training Resources (connecied) ~ )
Step 1: Data preperation Step 2: Applv model and performance
» [ samples Retrieve HealthData...  Replace Missing Val...  Nominal to Binominal Set Role Cross Validation
P S Community Samples (cennectzd) e exa @ exa exa '; g
~ [l Local Repository (Local ori —_ [ES,
» @ Connections pre ==
b [ | Clustering_eksoriksi L L ==
~ P data
w [ data_ergasia3 =
. HealthDataSet_Test 3:01 PM — 3 kB)
Ell HealthDataSet_Training (=/10/22 2:00 P11 — 11 kE)
. E-learning_Reaction (1) ( = 5:30 PM - 15 kB)
. Student_Questions | = 5:34 PM — 165 kB)
» [ ergasia2
P [ processes
» B DB=gecy) v
Leverage the Wisdom of Crowds to get operator recommendations based on your process design!
Operators
« Activate Wisdom of Crowds
cross vali x
-
7 validation (1) Parameters
9% Cross Validation
% Cross Validation
~
Split on batch attribute @
leave one out @
number of folds 10 ©
sampling type automatic v @
use local random seed @
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Mapadeypo- HEALTH DECISION TREE

APoU KAVOULE TNV ELOOYWYN TOU operator Kat ¢ KATaAAANAE
OUVOECELC, ELOAYyOUE ToV operator tou 6Evdpou

B <new process*> — RapidMiner Studic Educational 9.10.008 @ Mavrou - x
File Edit Process View Connections Settings Extensions Help

a H - ’ - - Views: Design Results Turba Prep. Auto Model Deployments 2| anstudio v |

Repository Process

@ Import Data =~ @ Process » Cross Validation R L EmE i % @ B

b @ Training Resources

» B

Samples

» &i Community Samples (-

~ I Local Repository (Locsl) e (| Pres per @
» @ Connections hr per

» P

Clustering_eksoriksi
~ 7 data

~ I data_ergasia3
Hl HealthDataSet_Test (s10/22 2:01 PM— 3 k8)

Hl HealthDataSet_Training ( s10/22 2:00 P — 11 £8)

Hl E-leaming_Reaction (1) (5/28:22 5:20 P — 15 k8)
Ml student_Questions (
ergasia2

22 5:24 PM — 165 kB)

»Eg
b [ processes
» @ DB =cscy =
1

Operators Leverage the Wisdom of Crowds to get operator recommendations based on your process design!

Activate Wisdom of Crowds
cross vali x v
~ = Validation (1)

% Cross Validation

Parameters

% Cross Validation

spiit on batch attribute @ -
leave one out 6]
number of folds 10 o]
sampling type automatic v @
use iocal random seed
v

Data Mining Using Machine Learning Techniques




Mapadeypo- HEALTH DECISION TREE

APoU KAVOULLE TNV ELCOYWYH TOU operator Kat TL¢ KATAAANAEC
OUVOECELC, ELOAYyOUE ToV operator tou 6Evdpou

B <new process™> - RapidMiner Studio Educational 9.10.008 @ Mavrou
File Edit Process View GConnections Seftings Extensions Help

N || - - [ EAIN | Views: Design Results Turbo Prep Auto Model Deployments P | aisudo v ‘
Repository Process
@) Import Data. = ) Process » Cross Validation yehyel E e
» @ Training Resources ( A~
» [ samples Decision Tree
» & Community Samples 1 med. mod tes
~ I Local Repasitory (L. the (| tes perl
» @ Connections thr v
P [ Clustering_eksoriksi
~ P data
~ I data_ergasia3
Hl HeathDataSet Test (2/10/22 2:01 P — 248}
Fll HealthDataSet_Training (&/10/22 2.00 Py - 1148)
[ E-eaming_Reaction (1 30 PM — 15 kB)
Ml student_Questions (= 34 PM - 165 k8)
» [ ergasia2
P [ processes
» B DB Legscy) v
Operators Leverage the Wisdom of Crowds to get operator recommendations based on your process design!
ed x J Activate Wisdom of Crowds
~ 5 Modeling (8) Parameters
~ 7 Prediclive (8)
p—— . Decision Tree
Decision Tree. criterion gain_ratio v|lols
. Random Forest
. Gradient Boosted Trees maximal depth 10
2 D3
. Decision Stump / applypruning -
. Decision Tree (Multiway) S, 01 o
. Decision Tree (Weight-Based)
U FETEImTEE ~/ apply prepruning @

% Hide advanced parameters

Change compatibility (9.10.008
@  we found "Weka Extension” and "WhiBo” in the Marketplace. Show mel v
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Mapadeypo- HEALTH DECISION TREE

Ap)LKa €xoupe erttAe€el 10 «pilec» kat to eidoc SeypatoAniac oto
QUTOMOTO. oo L

File Edit Process View Connections Seftings Extensions Help
| et AP | Anstugio v ‘

N || - H - ’ - . iews Design Results Turbo Prep Auto Madel Deployments Fi c
Repository Process
@ Import Data = ) Process » Cross Validation » 2 P | i % @ B
A~

» W Training Resources (conn:

Apply Model Performance (2)

b 7] Samples

» &\ Community Samples
~ I Local Repository ¢
Connections

P [ Clustering_eksoriksi

~ = data

> I data_ergasiad

01 PM — 3 48)

Ml HeathDataSet Test &0
Hl HearthDataSet_Training (£/10/22 2:00 P — 11 &8}

Hl E-teaming_Reaction (1)  5/28/22 5:20 P11 - 15 k8)

:34 PM — 185 k8)

Fll student_Questions |
» [ ergasia2

b [ processes

» B DB Legacy) v
e Leverage the Wisdom of Crowds ta get operator recommendations based on your process design!
o Adiivate Wisdom of Crowds
performance x
B s v anUauon =

B Wulti Horizon Performance Parameters

5 T

§ 4

% Cross Validation

[ sliding Window Validation
~ 7 Validation (20) A
split on batch attribute @
~ % Performance (18)
-pe
FEEETST) leave one out @
9 Performance (Classification)
9 Performance (Binominal Classification) number of folds 10 @
9% Performance (Regression)
% Performance (Costs) sampling type automatic @
% Performance (Ranking)
9 Performance (Support Vector Count) use local random seed @
v

% Performance (Attribute Count)
I Segmentation (4)
o
@ We found "Model Management in the Marketplace. Show me!

03 Hide advanced parameters
+” Change compatibility (9.10.008)

Data Mining Using Machine Learning Techniques




Mapadeypo- HEALTH DECISION TREE

Ap)LKa €xoupe erttAe€el 10 «pilec» kat to eidoc SeypatoAniac oto
(040 '[(') uato . A -

GG - B Views Design Results Turbo Prep Auto Model Deployments

| Alstudio - I

Repository Process

4 @ @ B

& Import Data =~ @ Process » Folyel

» ' Training Resources o) A

Step 1: Data preperation Step 2: Apply model and performance
Samples Retrieve HealthData... Replace Missing Val... Hominal to Binominal Set Role

» B3

res

» 4. Community Samples nected) inp.

~ [ Local Repository ¢
» @ Connections

» B L4 L4

Clustering_eksoriksi

res

res

v 5 data

~ I dala_ergasia3
. HealthDataSet_Teste/0/22 2:01 PM — 2 58)

Hl HealthDataSet_Training  &/10/22 2:00 £ — 11 k8)

Fll E4eaming_Reaction (1)

Bl student_Questions ( =

22 5:30 P — 15 kB)

22 5:34 FM — 165 48)
» 77 ergasia2
» [ processes
» H DBegscy v

L the Wisdi f Crowds t t it dati b d di !
Operators everage the Wisdom of Crowds to get operator recommendations based on your process design

¢ Activate Wisdom of Crowds
performance x

B CUTELas L vanuau
BB nulti Horizon Performance
EE sliding Window Validation % Cross Validation
~ [ validation (20)
~ [ Performance (18)
~ 7 Predictive (7)
% Performance (Classification)
% Performance (Binominal Classification) number of folds 10 @

Parameters

split on batch attribute

leave one out

9% Performance (Regression)
% Performance (Costs) sampling type automatic
9% Performance (Ranking)

% Performance (Support Vector Count) use local random seed

% Performance (Atiribute Count)
~ I Segmentation (4) O3 Hide advanced parameters

B i » Pminmb Pl e
' Change compatibility (9 10 008
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Mapadeypo- HEALTH DECISION TREE

ESw dailvovtol Ta mpwTa AmoTeEAECHATA .

B <new process™s - Ragidhliner tudo fducational §.30.008 © Mavsu

Ble EOt Process Wew Comnecions Semegs Exensions  Help
S P - B Design Resuts Turso Prep AdoModel  Desloyments Pl meuso v
a [ X Test) a Pscal X _Tranog) iory
Resut History B PerformanceVectsr (Performance 2]} . W ExampieSet (Cross Vaddation) < M ExampleSet (Sot Role) wecg
Cehoton ® Tazieview () Piet\iew
% accuracy bl
» s
Pedormance SCCUTBCY: S8ATS o/ 607N (IRrO Sverape: 96.38%) &Co
o ¥ et dass precision vt
rae
‘ £eea Yo o7 4 0437% N
Descweon sred o o wo% -
casar o8 5IN 2420%
e
=
Annstasons
¥ oe
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Mapadeypo- HEALTH DECISION TREE

ESw dailvovtol Ta mpwTa AmoTeEAECHATA .

S0 <new process*» — RapidMiner Studio Educational 9.10.008 @ Mavrou - x
Eile Edit Process View Connections Seftings Extensions Help
RIR-] H A » v . Design Results Turbo Prep Auto Model Deployments ,O| Al Studio ¥
A ExampleSet (#Local Rep ,_ergasia3/t DataSet_Test) H ExampleSet (#Local Rep ,_ergasia3/t DataSet_Training) ry
Result History . Tree (Decision Tree) Hl ExampleSet (Cross Validation) Hl ExampleSet (Set Rols) —
Zoom » =
.Z L p Weight_Category (Y|
Graph
> 0,500 =0500 re
Tree v -
No -
Marital_Status »
/] Node Labels [ ]
»
=0.500 <0500
Description /| Edge Labels i -
Trait_Anxiety o
~57500 S57.500
F Yes
Cholesterol
Annotations -
=>163.500163.500
No Yes b
»
— —
]
<>
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Mapadeypo- HEALTH DECISION TREE

2Tn ouvexela aAAA{OUE TIC TIOPAMETPOUC Yo vor SoU e TIC SladpopEC
Kot va eTiiAEEou e Gini index (maximal depth 10)

e

=

op

B <new process®
File Edt Process View Connections Setings Extensions Help

1= E - |-l

RapidMiner Studio Educational 9.10.008 @ Mavrou

@ importData =

» ® Training Resources

» [ Samples

» & Community Samples (conn=ct

~ B Local Repository
» @ Connections

y e

Glustering_eksoriksi
~ P data
~ P data_ergasia3
Bl HealthDataSet_Test =0
Hl HealthDataSet_Training (51022 2 00 Fi — 11 (5)

301 PM—2k8)

Hl E-leamning_Reaction (1) ( =

5:30 PM - 15k8)

H student_questions ¢

41— 165 43)
» [ ergasia2
» [ processes
» H DBegecy)

Operators

performance x

B FUIS et vanua
I Mutti Horizon Performance
[ siiding Window Validation

Design Results Turbo Prep Auto Model Deployments

Process

) Process » Cross Validation »

Decision Tree

Apply Model

Leverage the Wisdom of Crowds to get operator recommendations based on your process design!

Parameters

. Decision Tree

« Adivate Wisdom of Crowds

P

£ msusio - |

Performance (2)

4 % @

D) criterion gini_index
= I Performance (18) T T 10 ®
~ = Predictive (7)

% Performance (Classification) A= apply pruning ®
% Performance (Binominal Classification)
B Performance (Regression) confidence 04 0]
9 Performance (Costs)
‘% Performance (Ranking) /| apply prepruning ®
% Performance (Support Vector Count)
% Performance (Atribute Count) T ICAT oo Clf

~ [ Segmentation (4)

@ we found "Model Management" in the Markstplace. Show mel

&3 Hide advanced parameters

« Change compatibility (9.10.008
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Mapadeypo- HEALTH DECISION TREE

2Tn ouvexela aAAA{OUE TIC TIOPAMETPOUC Yo vor SoU e TIC SladpopEC
Kot va eTiiAEEou e Gini index (maximal depth 10)

n Results TuoPrep | AutoModel  Deployments

.........................................................

2 Weight_Category
Graph
0500
Marital_status ﬁ
= 500
escrpton
i Status  Weight _Category
2500 0 = 1500
Yes No
— - — —
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maximal depth 3

Mav. AuTikAg ATTIKA

51 <new process™> ~RapidMiner Studio Educational 9.10.008 @ Mavrou
File Edit Process View Comnections Seffings Extensions Help

L)) ]/

Repository

‘ @ ImportData

» ® Training Resources connecies)
» [ Samples
} & Community Samples (connecisd)
~ Il Local Repository (Locsl)
¥ & Connections
¥ [ Clustering_eksoriksi
v [ data
[l data_ergasia3
Hll HealthDataset Test(e1022 201 Pl - 2 48)
Bl HealthDataSet_Training (/10,22 2.00 P11 — 11 48)
Fl Edeaming_Reaction (1) =
[l student Questions (=
b [ ergasia2
P [ processes
» B DB (Legecy)

5:30 PM—1548)

25:34 PM

Operators

performance
B U CaSC v
[ utti Horizon Performance
[ siiding Window Validation
~ [ validation (20)
~ I Performance (18)
I Predictive (7)
% Performance (Classification)
9 Performance (Binominal Classification)
% Performance (Regression)
% Performance (Costs)
% Performance (Ranking)
% Performance (Support Vector Count)
% Performance (Attribute Count)
w [ Segmentation (4)

@  We found "Model Management in the Marketplace. Show me!

- X
Views: ‘ Design ‘ Results | Turbo Prep ‘ Auto Hogel ‘ Deployments ,O‘ Al Studio ¥ l
Process
= ‘ © Process » Cross Validation » PR EE WHadH
A
Apply Model Performance (2)
tes
— q
] per
wi per
v
Leverage the Wisdom of Crowds to get operator recommendations based on your process design!
o Actvate Wisdom of Crowds
x
Parameters
A
. Decision Tree
A
eriterion gini_index v\ @
maximal depth 3 @
/| apply pruning @
confidence 01 [}
/| apply prepruning 0}
minimal gain 001 [

2% Hide advanced parameters

+ Change compatigiliy (9.10.008
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[
I I IaXI l I la e | 51 <new process*> — RapidMiner Studio Educational 9.10.008 @ Mavrou - be
File Edit Process View Conneclions Seftings Exfensions Help

‘ A ‘ -] ‘ H v | ) - ‘ . Views: Design Results Turbo Prep Auto Model Deployments Find data, operators...etc }3‘ All Studio ¥ I

A ExampleSet (Local _ergasia3/t DataSet_Test) E | (Local Rep ,_ergasia3ft DataSet_Training) ory
Result History . Tree (Decision Tree) A ExampleSet (Cross Validation) i ExampleSet (Set Role) [=~
Zoom =
.Z R P Weight_Categery » B

Graph

3
>0.500 =0500 =

Tree v -
No =
Marital_Status »

/| Node Labels [ ]
»
Description /| Edge Laels - Jfo00 = 1500 -
Yes No
[ [
Annotations

»
»
r 8
<>
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Accurancy (maximal depth 10)

0 <new process> — RapidMiner Studio Educations! .10.008 @ Mavrou - 8 x
Ble Eon Process View Connections Semings Eensions Help

= o b - B Design Results TuoPrep  AuoModel | Deployments - P| miswao v

Repository

@ importData = PP Pk ZeweH

» W Training Resources .ecius 7
SontyMesst Tertermance )
et el @ met b - L L
= q 3~ g = 4
we B mad o wh
o J

1

¥ [T Clustering_eksoriksi
v 7 data
- 2 data_ergasiad
H HeamDataSet_Test: 1022 300 Fra— 3 4s

H student_Questons (<2022 5
¥ [ ergasia2
¥ [ processes
» B DBrssocy v

Operators X & Activate Wisdom of Crowds.

performance x
T e Parameters
B vumi Horzon Performance. . Decision Tree.
BB siiding Window Vaiidasion A
1 Vahigation (20) -
v [ Performance (18)
v I3 Predictive (7)
B Performance (Ctassification) /| apply pruning
% Performance (Binominal Classécation)
B Performance (Regression) confidence. 01 ®
 Performance (Costs)
® Performance (Ranking) /! apply prepruning @
8 Performance (Support Vector Count)
B Performance (Atribute Count)
~ 3 Segmentation (4) & tige acvancad paramaters.
+/ Change compatidility (3,10 008)

minimal gain 001 Dy

B coern connint o mmne
@ We found "Model Management”in the Marketplace. Show me!
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Accurancy (maximal depth 10)

S0 < process”> ~ Ragichiner Seusic fdcational 1008 © Marou
Bl Brocess hew Coenecions SeBegs Eecsons Heo
o > |} Design Resuts. TumoPreo  AdoMadel  Desioyments P meso
Pl o) # Eomphsa resining) "y
Resut History e Decision Tree) M ExampleSet (Cross Vabdation) W ExamphSet (Set Roke) =
2osm y-
2 AP Weight_Category e
Gogn - A e
»08 050
No T
Marital_Status »
2 Node Lazels L — ]
w1800 1500 »
Descigsen |/ EczeLacels
-"" Weight Categary
=l T s 9
4 Yes No
e
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Accurancy (maximal depth 3)

51 <new process™ ~RapidMiner Studio Educational 910,008 @ Mavrou - x
File Edit Process View Connections Seftings Extensions Help
H b= H - ’ - . Views: Design Results Turbo Prep Auto Model Deployments Find data, operaters...etc p| All Studio v ‘
Repository Process

4% @ B

@ Process » Cross Validation »

€ Import Data

} @ Training ResoUrces (zennscizd)

Apply Model Performance (2)

b [ Samples
» &L Community Samples {eonnected) =g
~ Il Local Repository (oca1)

» @ Connections

» [ Clustering_eksoriksi

~ P data

I data_ergasia3
Hl HealthDataSet_Test (211022 301 P - 218)
[l HealthDataSet_Training (21022 200 #1111 1)

[l E-1eaming_Reaction (1) 528122 .20 Fui - 15 k8

[l Student_Questions |

22 5:34 P - 16518
¥ [ ergasiaz
» [ processes

» B DB (Legscy) v
Leverage the Wisdom of Crowds to get operator recommendations based on your process design!

Operators & Acivate Wisdom of Crowds
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Accurancy (maximal depth 3)
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2 TNV TIAPOLKATW ELKOVO BAETIOULLE TOUC
OELKTEC OXETIKA UE TNV ELPAVION N OXL
KapOLOAOYLKWV TPOBANUATWV.

2TNV IPWTN CELPA PaiveTal OTL 0 OEIKTNC
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prediction) pe moocooto 100%.
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51 <new pracess™> - RapidMiner Studio Educational 8.10.008 @ Mavrou -
File Edit Process View Connections Sefings Extensions Help

| 3 | =l : B : [ ] Views l Design ‘ Results | Turbo Frep ‘ AutaModel | Deployments I»:;;gca;.;_ operat P| asw
HE ({/Local Rep ,_ergasiadit DataSet_Test) X H HeE (fMLocal Rep: _ergasia3/t DataSet_Training) X
Result History H . Tree (Decision Tree) X H l ExampleSet (Apply Model (2)) x [ A ExampleSet (Cross Validation) x | Hl ExampleSet (Set Role) x
@ Openin | ﬂTuvbo Prep | il Auto Model Filter (138 /138 examples):  all v
Data
‘ Row No. ‘ Heart_Probl.. ‘ icti | ‘ ‘ Age Marital_Stat... | Gender ‘ Weight_Cat..  Cholesterol  Stress_Man... ‘ Trait_Anxiety ‘
1 Yes Yes 0.073 0927 66 2 1 1 169 0 60 A
E 2 No No 0.976 0.024 58 2 1 0 140 0 45
FEE 3 No No 0.976 0.024 51 1 1 0 174 1 40 =
4 No No 0976 0.024 66 1 0 0 172 0 60
[ 5 No No 1 (] 58 1 0 1 169 1 50
=
e 6 Yes Yes 0.073 0927 73 2 1 1 233 0 60
7 Yes Yes 0.100 0.900 69 1 1 2 203 0 70
8 No No 0.976 0.024 58 2 1 0 141 0 45
9 Yes Yes 0.073 0927 76 2 1 2 178 1 80
Annotations
10 Yes Yes 0.073 0927 69 2 1 1 171 0 60
11 Yes Yes 0.073 0927 7 2 1 1 237 0 60
12 No Yes 0.073 0927 ] 3 1 1 173 0 55
13 Yes Yes 0.073 0927 70 2 1 1 236 0 60
14 No No 0.976 0.024 62 3 0 0 126 1 45
15 Yes Yes 0.073 0927 6 2 1 1 170 0 60
18 No No 0976 0.024 52 1 0 0 174 1 35
17 No No 0.976 0.024 60 2 0 0 129 0 45
18 No No 0.976 0.024 3 1 0 0 7 0 60
19 No No 0976 0.024 7 3 0 0 187 1 65
20 No Yes 0.073 0927 66 3 1 1 172 0 55
21 Yes Yes 0.073 0927 72 2 1 1 236 0 60
22 No No 1 [ 64 0 1 1 139 1 50
23 Yes Yes 0.100 0.900 59 1 1 2 203 0 70
v
ExampleSet (138 examples, 4 special attributes, 7 regular attributes)
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